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Egyptian Arabic Sub-Dialects Feature by Feature Representation Discussion
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SEA users could be avoiding SEA markers to position
themselves differently across digital platforms.
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We select morphological and grammatical features of SEA and CEA from
ground-truth dialectal surveys (Behnstedt and Woidich, 1985; Khalafallah, 1969;
Leddy-Cecere and Schroepfer, 2019).

This paper finds that EA sub-dialects (except CEA) are low-
resourced, and existing Tweet datasets are not representative
of EA sub-dialects. Further, register variation between SEA
speech and naturally-occurring digital written tweets is
significant, therefore, these results call into question the
validity of relying on geo-referenced tweets alone to represent
dialectal differences.
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